Enterprise Cognitive Automation
deployment

m Key Highlights

e Enterprise Cognitive Automation deployment enables organizations to streamline
processes, enhance decision-making, and improve operational efficiency through the
integration of artificial intelligence (Al) and machine learning (ML) technologies.

e Scalability and Flexibility: Cognitive automation solutions can be easily scaled up or
down to accommodate changing business needs, ensuring that organizations can adapt
quickly to new market conditions or unexpected disruptions.

e Improved Accuracy and Consistency: By automating repetitive and mundane tasks,
cognitive automation reduces the likelihood of human error, ensuring that processes are
executed consistently and accurately.

e Enhanced Data Insights: Cognitive automation solutions can analyze vast amounts of
data, providing organizations with valuable insights that can inform strategic
decision-making and drive business growth.

e Increased Productivity: By automating routine tasks, employees can focus on
higher-value activities that drive business growth and innovation, leading to increased
productivity and improved job satisfaction.

e Reduced Costs: Cognitive automation solutions can help organizations reduce costs by
minimizing the need for manual labor, reducing errors, and improving process efficiency.

Enterprise Cognitive Automation Architecture

Enterprise Cognitive Automation Architecture is the underlying framework that enables the
integration of Al and ML technologies with existing business processes. This architecture
typically consists of a combination of hardware and software components, including
cloud-based infrastructure, data storage solutions, and Al/ML platforms.

The architecture of an enterprise cognitive automation solution is typically composed of several
layers, including a data ingestion layer, a data processing layer, a model training layer, and a
deployment layer. The data ingestion layer is responsible for collecting and processing data
from various sources, including databases, APIs, and IoT devices. The data processing layer is
responsible for cleaning, transforming, and preparing the data for analysis. The model training
layer is responsible for training and deploying AI/ML models, while the deployment layer is
responsible for integrating the trained models with existing business processes.

In addition to these layers, enterprise cognitive automation architectures often include a range
of tools and technologies, including data governance platforms, data quality tools, and Al/ML
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development environments. These tools enable organizations to manage and govern their
data, ensure data quality, and develop and deploy Al/ML models.

Backend Data Rules

Backend Data Rules is the set of rules and regulations that govern the collection, processing,
and storage of data in an enterprise cognitive automation solution. These rules are typically
defined by the organization's data governance policies and are designed to ensure that data is
collected, processed, and stored in a secure and compliant manner.

Backend data rules typically include a range of requirements, including data encryption, access
controls, and data retention policies. These rules are designed to ensure that data is protected
from unauthorized access, tampering, or deletion, and that it is retained for the required period
of time. In addition to these requirements, backend data rules may also include requirements
for data quality, data lineage, and data provenance.

To ensure compliance with backend data rules, organizations may implement a range of
technologies, including data encryption tools, access control systems, and data retention
platforms. These technologies enable organizations to manage and govern their data, ensuring
that it is collected, processed, and stored in a secure and compliant manner.

Scaling Bottlenecks

Scaling Bottlenecks is the set of challenges that organizations face when scaling their
enterprise cognitive automation solutions. These bottlenecks typically arise from the increasing
volume and complexity of data, the need for faster processing times, and the requirement for
more accurate and reliable results.

Scaling bottlenecks can arise from a range of sources, including data ingestion, data
processing, and model training. In data ingestion, bottlenecks may arise from the increasing
volume and velocity of data, while in data processing, bottlenecks may arise from the need for
faster processing times. In model training, bottlenecks may arise from the need for more
accurate and reliable results.

To overcome scaling bottlenecks, organizations may implement a range of technologies,
including distributed computing platforms, data caching systems, and model optimization tools.
These technologies enable organizations to process large volumes of data, reduce processing
times, and improve the accuracy and reliability of their results.

Data Governance

Data Governance is the set of policies and procedures that govern the collection, processing,
and storage of data in an enterprise cognitive automation solution. Data governance is critical
to ensuring that data is collected, processed, and stored in a secure and compliant manner.



Data governance typically includes a range of policies and procedures, including data
classification, data encryption, and data access controls. Data classification involves
categorizing data into different classes based on its sensitivity and importance, while data
encryption involves protecting data from unauthorized access. Data access controls involve
controlling access to data based on user roles and permissions.

To implement data governance, organizations may establish a data governance council, which
is responsible for developing and enforcing data governance policies and procedures. The
council may also establish data governance frameworks, which provide a structured approach
to data governance.

Model Training

Model Training is the process of training AI/ML models to perform specific tasks, such as
predicting customer behavior or detecting anomalies in data. Model training typically involves
collecting and processing large volumes of data, which is then used to train the model.

Model training can be performed using a range of techniques, including supervised learning,
unsupervised learning, and reinforcement learning. Supervised learning involves training the
model on labeled data, while unsupervised learning involves training the model on unlabeled
data. Reinforcement learning involves training the model on a reward signal.

To train models, organizations may use a range of tools and technologies, including data
science platforms, Al/ML development environments, and model optimization tools. These tools
enable organizations to collect and process large volumes of data, train models, and optimize
their performance.

Deployment

Deployment is the process of integrating trained AI/ML models with existing business
processes. Deployment typically involves integrating the model with a range of systems,
including databases, APIs, and loT devices.

Deployment can be performed using a range of techniques, including model serving, model
scoring, and model deployment. Model serving involves deploying the model as a service,
while model scoring involves scoring data against the model. Model deployment involves
deploying the model to a production environment.

To deploy models, organizations may use a range of tools and technologies, including model
serving platforms, model scoring tools, and deployment frameworks. These tools enable
organizations to deploy models, score data, and integrate them with existing business
processes.



Cloud-base On-premise Hybrid

Criteria d Solutions s Solutions Solutions
Scalability High Medium High
Flexibility High Medium High
Security High High Medium
Cost Low High Medium
Complexity Medium High Medium
Integration High Medium High

Operational Engineering Workflow

1. Data Ingestion: Collect and process data from various sources, including databases, APIs,
and |oT devices.

2. Data Processing: Clean, transform, and prepare data for analysis.

3. Model Training: Train AI/ML models using data from the data processing step.
4. Model Deployment: Deploy trained models to a production environment.

5. Model Scoring: Score data against the deployed model.

6. Model Serving: Serve the deployed model as a service.

Frequently Asked Questions

What is enterprise cognitive automation?

Enterprise cognitive automation is the integration of Al and ML technologies with existing
business processes to improve operational efficiency, accuracy, and decision-making.

What are the benefits of enterprise cognitive automation?

The benefits of enterprise cognitive automation include improved accuracy and consistency,
enhanced data insights, increased productivity, and reduced costs.

What are the key components of an enterprise cognitive automation
architecture?

The key components of an enterprise cognitive automation architecture include a data
ingestion layer, a data processing layer, a model training layer, and a deployment layer.



What are the challenges of scaling an enterprise cognitive automation
solution?

The challenges of scaling an enterprise cognitive automation solution include data ingestion,
data processing, and model training bottlenecks.

What are the key technologies used in enterprise cognitive automation?

The key technologies used in enterprise cognitive automation include distributed computing
platforms, data caching systems, and model optimization tools.

What is data governance in enterprise cognitive automation?

Data governance in enterprise cognitive automation involves the policies and procedures that
govern the collection, processing, and storage of data.

What is model training in enterprise cognitive automation?

Model training in enterprise cognitive automation involves training AI/ML models to perform
specific tasks, such as predicting customer behavior or detecting anomalies in data.

What is deployment in enterprise cognitive automation?

Deployment in enterprise cognitive automation involves integrating trained Al/ML models with
existing business processes.

Enterprise Cognitive Automation deployment
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